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» Kernel Mean Matching (KMM) [Smola, ICML-08]
» Density ratio estimation [Sugiyama, NIPS-07]
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» Transfer component analysis (TCA) [Pan, TKDE-11]
» Spectral Feature Alignment (SFA) [Pan, WWW-10]
» Geodesic flow kernel (GFK) [Duan, CVPR-12]
» Transfer kernel learning (TKL) [Long, TKDE-15]
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» Predicate mapping and revising [Mihalkova, AAAI-07],
» Second-order Markov Logic [Davis, ICML-09]
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* Transfer component analysis [Pan, TKDE-11]
* Geodesic flow kernel [Duan, CVPR-12]
e Transfer kernel learning [Long, TKDE-15]
e TranseEMDT [Zhao, IJCAI-11]
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* Kernel mean matching [Huang, NIPS-06]
e Covariate Shift Adaptation [Sugiyama, JMLR-07]
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» Adaptive SVM (ASVM) [Yang et al, ACM Multimedia-07]
* Multiple Convex Combination (MCC) [Schweikert, NIPS-09]
e Domain Adaptation Machine (DAM) [Duan, TNNLS-12]
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